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EXECUTIVE
SUMMARY

Health plans are rapidly adopting artificial intelligence to automate and optimize
prior authorization and utilization management processes. These systems promise
faster turnaround times, lower administrative burden, and improved consistency.
At the same time, they introduce a materially different risk profile from traditional
rules-based systems: algorithmic decision-making that directly affects member
access to care.

Prior Authorization Al is not a productivity tool. It is a member access system. Health
plans that govern it as analytics infrastructure rather than as a regulated decision
system are creating unmanaged clinical, compliance, and reputational risk.

In this environment, traditional performance metrics such as accuracy, precision,
and throughput are no longer sufficient indicators of safety or compliance. A prior
authorization model can meet technical benchmarks and still systematically
disadvantage certain member populations, drift away from current clinical policy,
or generate decisions that cannot be clearly explained to members, providers, or
regulators.

Accuracy is not a safety metric. Fairness, validity, and explainability are.

This white paper advances a core position: bias testing, model validation, and
explainability testing must be treated as member protection controls, not optional
technical enhancements. When integrated into the Al governance operating model,
these testing activities provide the evidence required to demonstrate fairness,
clinical alignment, and decision defensibility across the full lifecycle of prior
authorization Al.
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PRIOR AUTHORIZATION Al
HIGH-RISK MODULE

Prior authorization sits at the intersection of clinical decision-making, cost
containment, and regulatory oversight. Unlike many enterprise Al use cases, prior
authorization models influence whether a member receives care, when that care is
delivered, and under what conditions. The downstream impact includes delays in
treatment, financial burden on providers, and potential deterioration in health
outcomes.

If a denial can be appealed, the model must be defensible.

Because denials can be appealed, every Al-driven decision is subject to
retrospective scrutiny. Appeals, grievances, external reviews and regulatory
inquiries expose the behavior of models in real-world conditions. Importantly,
regulators and courts do not meaningfully distinguish between a recommendation
generated by an Al system and a decision operationalized by that system.
Responsibility remains with the health plan.

As a result, prior authorization Al should be classified as a high-risk decision system,

requiring a level of governance, testing, and oversight comparable to other
regulated healthcare decision processes.
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GOVERNANCE FAILURES
UTILIZATION MGT Al

Many health plans have established Al governance frameworks, committees, and

policies. In practice, these programs often fail to meaningfully control prior

authorization Al risk.

Most governance programs produce confidence, not control.

Common failure modes include:

Treating initial policy approval as sufficient governance, with limited ongoing
oversight.

Conducting bias and validation testing only during model development, not in
production.

Focusing validation on aggregate accuracy while ignoring subgroup outcomes.
Deploying explainability techniques that satisfy data science curiosity but not
operational needs.

Lacking defined escalation paths when fairness, drift, or explainability issues
are detected.

These failures are not primarily technical. They reflect a governance gap in which

testing is decoupled from decision accountability. The result is confidence without

control.
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TESTING CONTROLS:
BIAS, EXPLAINABILITY, &
MODEL VALIDATION

Bias Testing as a Member Protection Control

Bias in prior authorization Al rarely manifests as explicit discrimination. Instead, it
emerges through disparate outcomes across member populations. Differences in
historical utilization patterns, access to care, provider documentation practices, and
social determinants of health can all influence model behavior.

Bias testing is not an ethics exercise. It is harm prevention.

Effective bias testing focuses on outcomes rather than intent. Health plans should
evaluate denial and approval rates across relevant subpopulations, including age,
geography, disability indicators, and socioeconomic proxies, within the bounds of
applicable law. The goal is not to eliminate all variation, but to identify unexplained
or unjustifiable disparities that may indicate systemic harm.

Bias testing must be continuous. Triggers should include policy updates, material
shifts in member mix, changes in provider behavior, and emerging appeal patterns.
When disparities are detected, governance processes must define clear ownership,
investigation steps, and remediation actions.

Explainability Testing for Appeals, Audits, and Trust

If an explanation cannot justify a denial, it is not explainability. Explainability is often
discussed abstractly, but in prior authorization it serves concrete operational
purposes. Members and providers must understand why a service was denied.
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Clinicians reviewing appeals must be able to assess whether the rationale aligns
with medical policy. Regulators and auditors require evidence that decisions are
consistent and justifiable.

Explainability testing should therefore evaluate whether model outputs can
generate coherent, consistent, and clinically meaningful rationales at the individual
decision level. Explanations should be stable across similar cases and resilient to
minor input variations. Most importantly, they must be usable within existing
appeal and review workflows.

Explainability that cannot withstand appeal review is not defensible explainability.

Model Validation Beyond Accuracy Metrics

Traditional model validation practices emphasize statistical performance against
historical data. While necessary, these metrics provide an incomplete picture in
prior authorization contexts. High accuracy does not guarantee clinical
appropriateness, fairness, or stability over time. A model can be “accurate” and still

be unsafe.

Comprehensive validation should assess alignment with current clinical policy,
sensitivity to guideline changes, robustness across subpopulations, and
susceptibility to drift. Models trained on past utilization patterns may reinforce
outdated practices or amplify existing inequities if not carefully monitored.

Health plans should treat validation as an ongoing activity, not a pre-deployment

gate. Periodic re-validation, scenario testing, and outcome monitoring are essential
to maintaining safe and compliant operation.
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STRATEGIC DECISIONS:
REDUCE RISK

Integrating Testing into the Al Governance Operating Model

To be effective, bias testing, validation, and explainability testing must be
embedded into the Al governance operating model. This requires explicit risk tiering
of prior authorization models, defined testing requirements by risk level, and clear
accountability for test outcomes. An important point to note that testing outputs

are governance artifacts.

Governance bodies should receive structured testing reports, not ad hoc analyses.
Thresholds for escalation must be defined in advance, along with remediation and
rollback procedures. Testing outputs should be retained as governance artifacts,
supporting internal audit, regulatory inquiry, and external review.

Target State: A Control-Driven Prior Authorization Al Model

In @ mature target state, prior authorization Al operates within a control-driven
governance framework. Bias, validation, and explainability testing occur
continuously and are triggered by operational events. Responsibilities are clearly
defined across Al, clinical, compliance, and operations teams.

Evidence of fairness, clinical alignment, and explainability is produced by design
rather than reconstructed after the fact. This approach reduces regulatory
exposure, improves member trust, and supports sustainable automation in
utilization management.
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Control-to-Testing Matrix (Prior Authorization / UM Al)

This matrix illustrates how bias testing, model validation, and explainability testing

function as governance controls within Prior Authorization Al. The intent is to

translate governance principles into auditable, operational evidence.

Governance | Risk Control Testing Type | Evidence Primary
Objective Addressed Mechanism Produced Owner
Prevent Member Subpopulation | Bias testing Denial rate | Compliance /
disparate harm,  civil | outcome disparity Al
denial rights monitoring analysis by | Governance
outcomes exposure subgroup
Ensure Inappropriate | Policy- Model Clinical Clinical
clinical or outdated | constrained validation alignment Operations
policy denials validation rules validation
alignment reports
Detect Silent Scheduled re- | Validation Drift  trend | Data Science
model drift | performance | validation and | testing and stability | / Al COE

degradation | drift reports

monitoring

Support High overturn | Decision Explainability | Appeal-ready | Utilization
appeal rates, rationale testing rationale Management
defensibility | regulator generation artifacts

scrutiny
Enable Unmanaged | Predefined Integrated Incident and | Enterprise
governance | fairness or | escalation testing remediation | Risk
escalation safety risks thresholds triggers records Management
Ensure Regulatory Documentation | Control Audit trail | Internal
audit findings, and evidence | completeness | and evidence | Audit
readiness enforcement | retention testing package

action
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CONCLUSION

As health plans continue to automate prior authorization, governance models must
evolve accordingly. Treating Al as a purely technical system underestimates its
impact on members and exposes organizations to significant risk.

Bias testing, model validation, and explainability testing are not optional

enhancements. They are member protection controls that enable responsible,
defensible, and sustainable use of Al in utilization management.
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LOOKING AHEAD
THE PATH TO Al SUCCESS

Successful Al requires strategy, governance, and continuous transformation.
Need expert guidance to align your Al initiatives with measurable business impact?

Contact us to schedule your Al Strategy and Governance Review today.
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